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Problem Modeling
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Challenges
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Restricted Setting

I Integer edge weights

I Exact edge sums
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Input: a graph G , non-negative edge weights w , integer k.

Output: a set of at most k weighted cliques such that w agrees

with the sum of containing cliques on each edge.

Exact Weighted Clique Decomposition (EWCD)



Restricted Setting

I Integer edge weights

I Exact edge sums
g1 g2

g3

g4 g5

g6 g7

3

4

3

1
1

1
1

5

1 3

1 3

Input: a graph G , non-negative edge weights w , integer k.

Output: a set of at most k weighted cliques such that w agrees

with the sum of containing cliques on each edge.

Exact Weighted Clique Decomposition (EWCD)



Approach

Input: Input instance and additional parameter k .
Output: Solves problem exactly with runtime f (k) · |n|O(1).

FPT Algorithms

I Such a problem is fixed parameter tractable (FPT) with
respect to parameter k

I Accompanied by kernelization algorithm that preprocesses to a
smaller instance with bounded size

I Gives tractable algorithms for small k
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Prior Work

I Feldmann et al. (2020) give 2O(K3/2w1/2 log(K/w)) +O(n2 log n)
FPT algorithm for similar problem2.

Input: a graph G , non-negative edge weights w , integer K .

Output: a set of at most K weight-1 cliques such that each edge

appears in exactly as many cliques as w .

Weighted Edge Clique Partition

I Decomposes into K weight-1 cliques.
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i WB̃j = Aij for each distinct B̃i , B̃j
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Future Work

I Noisy Setting
I Penalty function for approximate edge weights

I Hardness of problem depends on choice

I Hundreds of modules in real-world networks (k)

I New modeling decisions required



Thanks!
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