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• Count - Min Sketch
↳ proof

o Count Sketch

•Frequent Itemsef ( A priori Alg )
o Bloom Filters
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A - priori Algorithm ( Frqent Herself
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Frequent Itemsets : Apriori

T1 = {1, 2, 3, 4, 5}
T2 = {2, 6, 7, 9}
T3 = {1, 3, 5, 6}
T4 = {2, 6, 9}
T5 = {7, 8}
T6 = {1, 2, 6}
T7 = {0, 3, 5, 6}
T8 = {0, 2, 4}
T9 = {2, 4}
T10 = {6, 7, 9}
T11 = {3, 6, 9}
T12 = {6, 7, 8}
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