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LMS update rule , Widrow - Hoff update



n > I
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Batch Gradient Descent ( Batch size
=n )

✗=x-8Of

f- II. fi

☐for)= v-FI.fi in = É, ☐ ffa)
E-I

f-(a) = 2¥ , film = z É (Matxil - g.) ×!
c-=\

Jfk)= 2 É(Maki)- yi)(1c✗i
E-I
-



Incremental Gradient Descent
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⑧full GD

SGD : more steps
smaller steps ( but each step is

much
,
much faster


